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v. Hadamard Condition
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\. Partial Least Squares Regression

v. Artificial Neural Network

v. Moderate Resolution Imaging Spectrometer Terrestrial Chlorophyll Index
t. Red-edge Normalized Difference Vegetation Index

. Red-edge Simple Ratio

#. Red-edge Chlorophyll Index

v. SPOT/VEGETATION bio GEO Physical Product Version 1 (GEOV1)

A. Zhang
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1. Color Index of Vegetation Extraction
y. Barrax
v. La Mancha
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1. Sentinel-3 Experimental Campaign
v. Leaf Water Content

v. Dry Matter Content

. Soil Moisture
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. Chris-Proba

. Sensitivity Analysis

. Cross-validation

. Fold

. Principal Component Analysis
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). Matlab

v. Linear Regression Models
v. Response Variable

¥. Explanatory Variable

. Robust Linear Regression
#. Stepwise Linear Regression
v. Bias
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y. Forward or Backward Progression
v. Regression Tree Models

v. Fine Tree Regression

f. Medium Tree Regression

. Coarse Tree Regression

o
#. Support Vector Machine Regression Models
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). Statistical Learning theory
v. Structural Risk Minimization
Y. Support Vector Regression
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. Linear Support Vector Machine(SVM) Regression

. Quadratic Support Vector Machine(SVM) Regression

. Cubic Support Vector Machine(SVM) Regression

. Fine Gaussian Support Vector Machine(SVM) Regression

. Medium Gaussian Support Vector Machine(SVM) Regression
. Coarse Support Vector Machine(SVM) Regression

. Ensembles of Trees Regression Models

. Bagging Methods

. Boosting methods
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